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The learning problem

Goal: minimize total expected regret:
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Results

Whole 7 observed

Only r;(x;, a;) observed

P known

 Even-Dar et al. (2006,2009)
* Unichain MDP

» Ly =0(z?Tlog|Al|)

Neu et al. (2010a, 2013a)
 Loop-free SSP

« Ly =0(L%JT|A|/a)
Neu et al. (2010b,2013b)
* Unichain MDP

e L= 0(13/2,/T|A|/a’)

P unknown

e Jaksch et al. (2010)
* Stochastic rewards
e Connected MDP

+ Ly =0(DIXIJTIA])
* Neuetal. (2012)
 Loop-free SSP

+ Ly = O(LIX|IANT)




